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Applications and Challenges of Big Data in Higher Education

LU Genshu
(1. School of Humanities and Social Science, Xi’ an Jiaotong University, Xi’ an 710049, China;
2. West China Higher Education Evaluation Center, Xi’ an Jiaotong University, Xi’ an 710049, China)

Abstract ; There are mainly three approaches to define the concept and connotation of big data, namely
the productoriented perspective, the process—oriented perspective and the cognition—oriented perspective.
The application of big data in the field of higher education is of great significance for improving university
strategic planning and promoting university development, perceiving teaching reality and improving teaching
efficiency, optimizing the learning experience and improving learning quality, promoting scientific research
and promoting interdisciplinary development. The analysis of educational big data mainly adopts two
techniques, namely educational data mining and learning analysis. In the field of teaching and learning in
higher education, these two techniques employ the methods such as classification and prediction, cluster
and outlier detection. The application of big data in higher education is facing epistemological , methodological ,
aesthetic, technical, legal and ethical, as well as political and economic dilemmas.

Key words:big data; educational data mining; learning analysis; higher education
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